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Improvement of Image Semantic Segmentation Using Diffusion Models
Shingo ANDO

Abstract:

Semantic segmentation is the task of assigning each pixel in an image to the object or region it represents.
Despite the significant improvement in the accuracy of semantic segmentation by the progress of deep learning
technologies in recent years, further technological ingenuity is required to accurately segment the boundaries
of objects in complex backgrounds. In this paper, we propose a method to improve the inference results of
semantic segmentation by introducing diffusion models, which are known as fundamental technologies for
image generation Al.
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